5] o o7 FH 2 33 2023 4FH 5 B 2 W

Advances in International Applied Mathematics https://aam.oajrc.org/
E-T SEAIRD-LSTM ;B &= B & S B9 TN 53 4

R, B

b Rk K FHF 55 &AFFIR  TERAR)

[(HE) AEEEERIBBLNT T T, FARIRES D Febit 40 X Bt st 4f e m 69 5 3 AUH Fo AT
BYPRITRR AR R R T EZG. B4, XFidids SEAIRD A4 5 LSTM A 69 Fun 48 Rt AT 404 =
Ja, #d SEAIRD-LSTM SRATRUMAEA, KJE, & TR COVID-19 4% % 5 B A5 L= ASRIAT
o, 4% SEAIRD-LSTM A FUmEA 5 2 R = )2, 4 =)2, SEIR vAK LSTM AR 31k, 453 & 9
SEAIRD-LSTM &A-FAMAER £ RMSE. MAE. MAPE #= R 3B 4547 F ARBUIF T 455 09 Fmlac . &,
xti& B Av sk B W R #1 D AIESATIRN], B AE L RN 693R £ E bk, F8ET SEAIRD AEA! 44 ¥ & M A
& SEAIRD-LSTM A FRMIAEA! 44 T A 74 .

[ 8817 1 4 m4E%; SEAIRD AR ; LSTM TRM|; RATFRMAEA

[E€mB] by RAKFART AL AE (YCX22103)

[UisEHHEAY 2023 43 A 218 [HFJEHEAY 2023 %5 A 15 8 [DOIT 10.12208/j.aam.20230005

Prediction analysis of infectious diseases based on SEAIRD-LSTM hybrid prediction model

Jiagin Li, Hufei Li
School of Mathematics and Information Science, North Minzu University, Yinchuan, Ningxia

[ Abstract] In the context of the outbreak of various infectious diseases, it is very important to use deep
learning and statistical theories to study and explore the transmission mechanism and epidemic trend of infectious
diseases. Firstly, the SEAIRD-LSTM hybrid prediction model is proposed by linear regression of SEAIRD model
and LSTM model. Then, the number of COVID-19 infections and deaths in Russia was predicted, and the hybrid
prediction model of SEAIRD-LSTM was compared with polynomial regression, logistic regression, SEIR and
LSTM models. The results show that the SEAIRD-LSTM hybrid prediction model achieves good prediction effect
under RMSE, MAE, MAPE and R? evaluation indexes. Finally, the COVID-19 data in Germany and the UK were
predicted, and the adaptability of the SEAIRD model and the prediction accuracy of the SEAIRD-LSTM hybrid
prediction model were verified by comparing the error rate between the true value and the predicted value.
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