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Ilumination Normalization and ResNet18 for Facial expression recognition

Mingjun Ma, Qianfang Cui, Xiao Li
School of Information Technology, Zhejiang Shuren University, Hangzhou, Zhejiang

[ Abstract] In the real human-computer interaction scene, facial images of human faces are affected by
factors such as lighting, which reduces the accuracy of facial expression recognition. In view of the problem, a
optimization model based on improved illumination normalization and ResNet18 was proposed. The illumination
normalization method of histogram equalization and linear transformation weighted summation is used to balance
the brightness of the original image, and extract facial features using the pre-trained ResNet18 network; Softmax
function was used to predict the facial expression results. The experimental results show that the network model
achieves 87.03% and 87.46% recognition accuracy on RAF-DB and FERPlus datasets.

[ Keywords] Human-computer interaction; Facial expression recognition; Illumination normalization;
ResNet18
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