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[ Abstract] With the development of artificial intelligence and the implementation of urbanization strategy,
traffic signal has become an important factor and hot problem. Traffic problems seriously affect the sustainable
development of the city, and bring time and safety problems to the people in the city. The combination of traffic
and artificial intelligence technology, using artificial intelligence and traffic-related knowledge to deal with traffic
problems has become a trend. To solve the problem of intelligent traffic signal control based on reinforcement
learning and solve the shortcomings in the existing work. One is the fairness problem and the other is the
communication problem in multi-intersection control. Through the way of deep reinforcement learning, make
Tong more intelligent and improve work efficiency
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